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Methods Overview Datasets

'I\/Iany research data are collected by the research teams
.themselves Here we only list a few of them for example. |

> Electronic Health Records

.Given advancements In hardware and software,

long with th xplosion of smartphon h I ow specific diseases or symptms associated with depression

|aog th the explosion of smartphone use, te: v e m e e .Amongthem DAICWOZprowdedbyAVEC|saW|der:
lforms of potential health care solutions have begun : L2 norm regularized Logistic Regression (Ridge)}l 1\t 1ot :
Ito change Among them, automatic detection of: Depression analysis using EHR Support Vector Machine : :
:depression has attracted increasing attention from ! \{ seeno ey Random Forest i Type Dataset Reference :
| researchers in  psychology, computer science, , >data clustering XGBoost : INSIGHT CRN Kaushal R et al.| |
I gnguist!cs, d ?ndt_ relatetd dlijscipcllinesa_ﬁPron:i(sjirlg i Decision Tree i CHR  HID2005 T Ketal i
. epression detection systems based on different data; ! » Sensordata @ =00 @ = Lo . : :
|sources have been reported recent years. \We surveyi BPNN \ MYNAH conort Krishna M et al, :
|these efforts by presenting the review of: individual mo L:;’“",’I' : General Psychotherapy i
l representative researches and discusses the most & /{ = N i Text Corpus |

EEG Based Depression Recognition - -
' | promising approaches. : p gnit \ ...... : ReachOut Triage Shared Task| Milneetal. |
'— —————————————————————————————————————— 5 _ — - Fusing EEG data with I I
Depres;;onr;:;\::ggs using multimodal < differerjt modelities : _ DA'C_WOZ J GratCh et a|. :
Combined with I M u Itl mOdaI [
other bio-signals : DAIC M. Valstar et al. | !
L l

Body Gestures Based kinematic skeleton data
Depression Recognition

i Support Vector Machine \

» Audio & Image & Text

Extracted f isti ifi . . . . . [
';Ne rewewedh OVET gftylstudles O:] dlett]ectlon dOf' clinical intervieuw osnistecaster IDepressmn detection is inherently a multimodal problem. !
i onvolutional Neural Networ
o gl t atd Hsed € ectronle( call riec:)r SII Toxt e B P | This review only overviews the tools and a few |
cted fr
IgEHRS) sensorf ata (e.9. EEG dmefmatlc sleetalu e | hierachical Attertion Network lrepresentatlve methods which help to detect depression.
ata),  text |n”orm3t|]?n(extractel crlom ICf'”'Ca \ Audio - ) II\/Iore work such as comparing advantages and,
i ¢ interview or collected from social media platform), § | wmdam | (semortvoctor machme l | disadvantages of each model can be done for improvement. ;
.|mage data (brain image or facial expression) and | i epecion anaiyiswsing A doa Saussian Process Classifir :We hope our work can give a reference for further research.
|aud|o to predict or classify depression. Depressmn' Image , _ e e e :
I Facial expression Q/OXCNN , VoxResNet,......
| detection systems across modalities are also included., Acknowledgement
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lexamples of using machine learning algorithms to: Multimodal — William et al. .The work Is funded by Google Research. I would like to
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'address mental health questions. We hope such:

| efforts may give an inspiration for further research. I

Causal Convolutional Network
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Audio+image+Text Knowledge Graph,......
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